
‧
國

立
政 治

大

學
‧

N
a

t io
na l  Chengch i  U

niv

ers
i t

y

DOI:10.6814/NCCU202100849

1 
 

國立政治大學資訊管理學系 

碩士學位論文 

 

 

關於線上購物情境中購買意願之研究:探討商品

種類的調節作用 

A study of purchase intention in online shopping context: the 

moderating effect of product types 

 

 

 

 

 

 

 

 

指導教授：尚孝純 博士 

研究生：佘冠頡 撰 

中華民國 110年 7月 



‧
國

立
政 治

大

學
‧

N
a

t io
na l  Chengch i  U

niv

ers
i t

y

DOI:10.6814/NCCU202100849

2 
 

摘要 

  過去數年間，受益於網路的普及，電子商務的市場有了卓越的成

長。隨著市場收益一同而來的是越來越多試圖找出是什麼促進消費

者在網路上進行購物的相關研究。為了達成這目的，許多過往研究

探討了線上消費者體驗與重要商業結果如購買意願彼此之間的關

係。本研究同樣採用該研究方向並基於了過往研究中提出的概念模

型及研究發現提出我們的研究模型。同時，我們也將產品類別納入

模型中做為調節變項以提供更多有用的學術洞見。我們以 496 份透

過網路問卷收集而來的樣本，並採用結構方程模式驗證我們的研究

模型。最後，我們找出了四個線上消費者體驗因素─知覺易用性、

知覺有用性、知覺服務品質、知覺商品價格。這些變項對消費者對

線上購物的態度有正向效果，而正向的線上購物態度會增加消費者

進行線上購物的意願。我們也發現產品類別會影響到知覺易用性與

消費者對線上購物態度之間的關係。總結來說，本研究的貢獻為：

提供實證證據支持過去研究中提出的關於線上消費者體驗的概念模

型、找出了四個具體的線上消費者體驗變項，並且擴大了我們對於

產品類別在線上購物情境中所扮演的角色的理解。 

 

關鍵字：線上購物、線上消費者體驗、購買意願、產品類別 
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Abstract 

  In the past few years, market of electronic commerce benefited from the 

widespread of access to the Internet and experienced remarkable growth in 

profit. Along with the growth of profit were numerous relevant studies aimed to 

figure out what would stimulate customers to make purchases online. To achieve 

this goal, many previous studies investigated the link between online customer 

experience and important business outcomes such as purchase intention. In this 

research, we followed this direction and proposed our research model based 

upon conceptual model and findings from previous research. We also included 

product type as a moderator in our model in order to provide more useful 

insights. We tested our model by conducting structural equation modeling with 

496 samples we collected through online survey. Eventually, we identified four 

specific online customer experience factors, namely perceived ease of use, 

perceived usefulness, perceived service quality and perceived price. These factors 

were found to have positive effect on attitude towards online shopping which will 

in turn increase customer’s purchase intention. We also found that product type 

had an impact on the relationship between customer’s perceived ease of use and 

attitude towards online shopping. In conclusion, this research contributed by 

providing empirical evidence to support the conceptual model of online customer 

experience, identified four specific online customer experience factors and 

expanded our understanding of the role product type plays in the context of 

online shopping. 

 

Keywords: Online shopping, online customer experience, purchase intention, product 

type 
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1. Introduction 

E-commerce, or Electronic commerce, refers to the commercial activities 

conducted by using different electronic devices such as computers or 

smartphones(Ashraf et al., 2019). In the past few years, due to the widespread of 

access to the Internet, E-commerce market also benefited and grew remarkably. 

According to the data provided by eMarketer, a U.S. research firm, the sales 

generated by E-commerce reached $3.354 trillion in 2019. Last year, the growth 

rate of the market was 27.6%, and the sales reached $4.28 trillion (eMarketer, 

2020). The market is expected to continue growing this year and the years to 

come, it is even expected to be growing faster than traditional retailing 

market(Izogo & Jayawardhena, 2018). The data provided by Ministry of 

Economic Affairs in Taiwan supported this expectation. The sales growth rate in 

the first half of 2020 increased by 17.5% while the sales growth rate in traditional 

retailing business decreased by 4.8% due to the impact of covid-19. 

The market growth is not the only reason that makes online shopping an important 

research topic. Online shopping is quite different when comparing to shopping at 

brick-and-mortar stores in many ways, one of them is the temporal and spatial 

separation of buyers and sellers(Luo et al., 2012). This characteristic leads to 

certain belief customers have on online shopping. For example, online shopping is 

believed to be more convenient than traditional shopping since customers don’t 

have to actually show up in the store in person, and they can compare the prices 

offered by different retailers more easily(Vasic et al., 2019). However, the 

characteristic also makes it difficult for customers to experience the product 

before purchase hence increase the uncertainty and perceived risk(Hong et al., 

2017). Another difference is the importance of technology. In online shopping 

context, the quality of the website or app provided by the retailer have great 

impact on customer’s attitude, which will then influence customer’s intention to 

purchase online. Due to these reasons, online shopping is often deemed different 

from traditional shopping and attracts the attention of many researchers. 

In the field of online shopping, the essential goal of any research is to discover 

what drives customers’ behaviors hence providing a direction for the companies to 

improve their services and generate more profit. Numerous previous studies have 

aimed to fulfill this goal by investigating online customer experience (OCE) 

(Bilgihan et al., 2016; Izogo & Jayawardhena, 2018; Klaus, 2013; Kumar & 

Anjaly, 2017; Pandey & Chawla, 2018) because the quality of a user’s purchase 

experience is believed to correlate to important business outcomes such as actual 

purchase from customers (Rose et al., 2012). However, many of these studies have 

been exploratory (Bilgihan, 2016; Izogo & Jayawardhena, 2018; Klaus, 2013) and 
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there is a need to empirically validate the conceptual models of OCE (Pandey & 

Chawla, 2018). Therefore, in this research, we aim to contribute by empirically 

validating the dimensions and antecedents proposed by previous researchers and 

their relationship with important business outcomes purchase intention. To 

achieve this goal, we’ve conducted a literature review.  

While reviewing the previous research, we also noticed that most previous studies 

either have not studied the potential effect of product type or tested them in rather 

simple contexts. However, product type is quite an important factor that might 

determine how the consumer is going to behave. For example, in anticipation of 

purchasing an experience product such as a healthcare food, a customer might 

want to obtain as much information as possible; the importance of the quality of 

the information in this situation could be higher compared to the situation in 

which the customer is preparing to purchase clothes online. Hence, clarifying the 

moderating effect of product type could also help e-commerce retailers to provide 

a better customer experience, hence generating more profit. Based on the limited 

literature that has taken this factor into consideration, product type has been 

proven to be an effective moderating variable that can influence the relationship 

between some of the important variables often used in the studies of online 

shopping (Ashraf et al., 2019; X. Li et al., 2020; Luo et al., 2012; Miyatake et al., 

2016; Vasic et al., 2019). Hence, in this research, we include product type in our 

model and investigate the role it plays in online customer behavior. 

In summary, the goal of this present research is to provide empirical evidence to 

validate the conceptualization of OCE that has been proposed by previous study. 

To achieve this, we built a research model that includes important factors, as have 

been proposed in previous studies, while including product type as a moderating 

variable. We then tested this model through the use of an online survey. 

This research can offer two contributions to the research field: 

1. Empirical validation for the dimensions and factors of OCE that have been 

proposed by previous exploratory research. 

2. A test of the moderating effect of product type toward these important factors. 

This research was conducted in order to answer the following questions: 

1. What are the components of OCE? 

2. What are the relationships between OCE and key business outcomes such as 

purchase intention? 

3. What is the role of product type in this context? 

2. Literature review and theoretical framework 

In this section, we’ll introduce the Belief-Attitude-Intention model, which is the 

framework we’ll be adopting to create our research model. Then we’ll summarize 
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the result of our literature review and explain what are the variables we are going 

to include in our model and why we include them. Finally, we’ll give a summary 

of our research model. 

2.1 Belief-Attitude-Intention model 

In the field of online consumer behavior studies, theory of reasoned 

action(Fishbein & Ajzen, 1977), theory of planned behavior(Ajzen, 1991) and 

Technology acceptance model(Davis, 1993) are the three theories often 

mentioned. 

To summarize these theories, theory of reasoned action is a model original 

proposed and used in social psychology domain to explain how a person decide 

whether or not to do something. The theory proposed that a person’s intention to 

execute certain behavior is the key predictor to the actual behavior. A person’s 

intention to execute certain behavior can be predicted by the attitude the person 

has towards the behavior and the subjective norm, which refers to the pressure the 

person perceived from others when deciding whether to behave or not. 

Theory of planned behavior can be viewed as the successor to the theory of 

reasoned action. It extends theory of reasoned action by introducing another factor 

– perceived behavioral control, which means “a person’s perception of the ease or 

difficulty of performing the behavior of interest” as defined in the origin paper 

(Ajzen, 1991). 

Technology acceptance model is a model based on the theory of reasoned action, 

aiming to explain what could be used to predict a person’s actual usage of a 

technology. Similar to the theory of reasoned action, the model proposes 

behavioral intention can predict a person’s actual usage of a technology, and 

behavioral intention can be predicted by a person’s attitude towards the 

technology. Perceived usefulness and perceived ease of use are the two main 

factors that influence a person’s attitude towards the technology. This model has 

become very popular in IT domain and is used to study lots of different topics. 

Based upon theory of reasoned action and theory of planned behavior, Froehle & 

Roth proposed a framework, Belief-Attitude-Intention model(Froehle & Roth, 

2004), to analyze technology-mediated customer contact, which means the 

situation when service provider serves the customer through some form of 

technology instead of meeting them face-to-face. The B-A-I model is consisted of 

three domains, which are Belief, Attitude, and Intention. According to the 

definitions given in the paper, Belief refers to “customers’ beliefs, or rational 

cognitive assessments, of the contact episode”. Attitude refers to “a person’s 

general feelings of favorableness or unfavorableness towards some stimulus 

object”, it is also mentioned in the paper that the concept of attitude is quite 
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similar to “satisfaction” in business domain. Intention refers to “the customers’ 

intention for future behavior”. Customers’ belief would influence their attitude, 

which would then influence their intention. In the paper, the authors pointed out 

that this conceptual connection between Belief→Attitude→Intention can be found 

in many management theories such as Technology Acceptance model. The B-A-I 

model has also been used to study online customer behavior by previous 

researches,(Gupta et al., 2020; Izogo & Jayawardhena, 2018) showing that it can 

also be adopted to study online shopping context. In our research, we aim to adopt 

the B-A-I model to create a research model that would allow us to study the 

consumer behavior in online shopping context, which we believe fits the 

definition of technology-mediated customer contact, in a more systematic and 

holistic manner. With the B-A-I model in mind, we then start to review the 

literatures relevant to E-commerce or online shopping topic, in order to find out 

the relevant factors that had been found from previous studies and include them in 

our research model. 

2.2 Online customer experience 

As mentioned, online customer experience (OCE) is an important construct in the 

research field of e-commerce. Following this direction, we built the research 

model of this study based on factors relating to OCE. The definition and 

dimensions of OCE differ depending on the researcher’s perspective. Hoffman 

and Novak viewed the online experience as a “flow experience” (Hoffman & 

Novak, 1996), which refers to “a cognitive state experienced during navigation 

that is determined by high levels of skill and control; high levels of challenge and 

arousal; and focused attention; and is enhanced by interactivity and telepresence” 

(Novak et al., 2000). In Rose’s research of OCE (Rose et al., 2012), it was defined 

as “a psychological state manifested as a subjective response to the e-retailer’s 

website.” It is also proposed in the same research that OCE has two dimensions 

which are cognitive and affective states. These perspectives of OCE were often 

used in previous researches; however, we believe they both have some issues. 

Hoffman and Novak viewed OCE as a kind of flow experience; “flow,” however, 

is an elusive construct that can be affected by a wide range of factors, which 

makes it difficult to reach a consensus regarding what factors should be accounted 

for when investigating this construct. Rose categorized OCE factors into cognitive 

state and affective state, yet the boundary between these two states can sometimes 

be vague, which makes it difficult to categorize some OCE factors when adopting 

this perspective. For example, trust is a factor that can be either cognitive or 

affective depending on one’s interpretation. Based on the above reasons, we 

introduce another perspective of OCE in this research. Research conducted by 
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Klaus provided a conceptual framework of OCE (Klaus, 2013). In the research, 

OCE was defined as “the customers’ mental perception of interactions with a 

company’s value proposition online. These mental perceptions, in turn, drive a set 

of outcomes, namely benefits, emotions, judgments (including perceived value) 

and intentions.” Additionally, Klaus categorized OCE into two dimensions and 

eight sub-dimensions. The two main dimensions are functionality factors and 

psychological factors. The functionality factors are factors related to the technical 

performance of the website and services provided by the website, and five sub-

dimensions of functionality were included, namely usability, communication, 

social presence, product presence, and interactivity. The other categorization of 

“psychological factors” refers to the factors that play an important role in building 

or overcoming a customer’s resistance to use online channels to make purchases, 

and three sub-dimensions of psychological factors were included which were 

trust, value for money, and context familiarity. We believe this conceptualization 

of OCE is easier to understand and the distinction between the two dimensions is 

clearer. In addition, the sub-dimensions also provide direction for identifying the 

factors that should be accounted for regarding OCE. Hence, this study adopts this 

perspective of OCE. However, in the original research conducted by Klaus(Klaus, 

2013), the dimension and sub-dimension only provides a general description of 

the factors. In order to identifies the specific factors of OCE, we followed the 

definition given by Klaus and reviewed the findings of previous researches. 

 

2.3 Antecedents of OCE 

2.3.1 Outcomes of OCE 

Lots of studies had been done aiming to find out what are the important factors 

generated from OCE that could drive customers to make online purchases. In this 

research, we aim to integrate the findings of these previous researches and create a 

comprehensive research model to illustrate the relationship between the 

antecedents and outcomes in online shopping context. To achieve this, it is 

necessary to determine what are the indicators that is suitable to predict if the 

customers are actually going to make purchases, in other word, we think it is 

necessary to find out what are the outcomes of OCE first. Some studies used 

clickstream data collected from the servers to directly record customers’ actual 

purchase behaviors.(Ghavamipoor et al., 2017; Menascé et al., 1999; Moe & 

Fader, 2004) The advantage of this method is that the result is less likely to be 

influenced by the response bias that might occur when using self-report 

questionnaire. However, the disadvantage is also clear, for instance, getting 

permission and access to the clickstream data of a e-retailer could be difficult. In 
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addition, it could also be difficult to interpret the mental process of the customers 

by only using clickstream data. However, the decision-making process of online 

shopping is influenced by lots of psychological factors. As a result, more 

researchers choose to use self-report questionnaire as the instrument to measure 

the outcome factors. In the present research, we choose to use questionnaire as 

research instrument as well because we believe the objective of this research, 

which is to provide a comprehensive model of online shopping, is more suitable 

with this method since the model is going to involve psychological and 

functionality factors that are hard to be measured directly.  

The outcomes of OCE that were often mentioned in extant researches include 

customer loyalty, customer satisfaction and customer’s online purchase 

intention(Bilgihan, 2016; Lee, 2002; Lin & Sun, 2009; Moon et al., 2008; Shafiee 

& Bazargan, 2018). Customer loyalty refers to “customer’s favorable attitude 

toward the e-retailer that results in repeat buying behavior”(Srinivasan et al., 

2002). Customer satisfaction refers to “the overall positive or negative feeling 

regarding their purchasing experience from a given online shopping firm”(Hsin 

Chang & Wang, 2011). Customer’s online purchase intention refers to “the 

construct that gives the strength of a customer’s intention to purchase 

online”(Thamizhvanan & Xavier, 2013). These variables can be measured with 

well-developed questionnaires and is easier to obtain. However, to what extent 

these variables can predict customers’ actual purchase behaviors is an issue that 

should be taken into consideration before using them as variables to predict 

customer’s actual purchase behavior. Fortunately, the findings from previous 

researches support the use of these variables as predictor of actual purchase 

behavior(Brown et al., 2003; Evanschitzky et al., 2012; Mittal & Kamakura, 

2001). Among these three OCE outcomes, we believe online purchase intention is 

the best predictor for actual purchase behavior for the following reasons. First, the 

link between intention and actual behavior has been mentioned in many important 

theories such as theory of reasoned action and theory of planned behavior, and has 

been proved by previous researches(Brown et al., 2003; Shirokova et al., 2016; 

Wee et al., 2014). Second, it has been pointed out that intention is the most 

immediate variable when predicting actual behavior(Armitage & Conner, 2001; 

Sheeran, 2002; Shirokova et al., 2016). Hence, we adopted online purchase 

intention in our research model as an intention factor. However, we wanted to 

emphasize that since the present research sought to investigate online customer 

behavior through OCE, which is an experience the customer had with a specific e-

retailer, hence when referring to online purchase intention, what we wanted to 

know is a customer’s intention to purchase through the same online channel he or 
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she experienced before. As a result, we define online purchase intention as “the 

construct that gives the strength of a customer’s intention to purchase online 

through the same online channel he or she experienced before.” We also adopted 

customer’s attitude towards online shopping as an attitude factor in our research 

model. We believe this is reasonable because the link between a person’s attitude 

towards something and his/her intention to do these things has been proposed and 

proved in important theories that have been widely used in the research field such 

as theory of reasoned action and technology acceptance model(Davis, 1989; 

Fishbein & Ajzen, 1977), besides, in online shopping context, attitude towards 

online shopping has been found to be a valid predictor of online purchase 

intention by previous researches(Dakduk et al., 2017; Hernández et al., 2010), 

hence we proposed the following research hypothesis: 

H1: Customer’s attitude towards online shopping has positive effect on online 

purchase intention 

With the outcomes of OCE determined, the next step is to identify what are the 

antecedents that could have impact on these factors. In Klaus’s research(Klaus, 

2013), OCE is categorized into two main dimension – functionality and 

psychological factors. Klaus also proposed several sub-dimensions that were 

described in more details which allowed us to have a general idea when trying to 

identify what specific factors we should include in our research model. Combining 

the direction given by Klaus’s research and findings from other previous 

literatures, we identified seven factors we believed to be the antecedents of OCE. 

Four of them are functionality factors and three of them are psychological factors. 

These factors were deemed as belief factors in our research model. 

2.3.2 Functionality factors 

Functionality factors are factors indicating the extent to which the performance of 

the websites and the essential service parts are meeting the need of their users. 

Five sub-dimensions of functionality factors were proposed in Klaus’s conceptual 

model, namely usability (factors related to web design which would allow the 

users to feel comfortable while browsing for products), communication (refers to 

the communication between the website and the users, good communication 

results in decrease of perceived risk the customers have from shopping online), 

social presence (the extent to which the website allows the users to interact with 

each other, mainly through product reviews or comments), product presence 

(factors that would allow the users to assess products in virtual environment) and 

interactivity (the interactions between the user and the website, such as 

personalized recommendations). Based upon these sub-dimensions and the 

constructs from other previous researches with similar concepts, we proposed the 
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following functionality factors: perceived usefulness, perceived ease of use, 

perceived information quality and perceived service quality. Perceived usefulness 

and perceived ease of use were categorized into functionality factors because we 

believed these factors fit the description of usability sub-dimension. Perceived 

information quality was categorized into functionality factor because we believed 

it fits the description of product presence sub-dimension. Perceived service quality 

was categorized into functionality factor because we believed it fits the 

descriptions of communication sub-dimension. 

Perceived usefulness and perceived ease of use are two important variables in 

Technology Acceptance Model proposed by Davis(Davis, 1993) and has been 

adopted by many researchers as independent variables. 

By the definitions given by Davis(Davis, 1989, 1993), Perceived usefulness refers 

to “the degree to which a person believes that using a particular system would 

enhance his or her job performance.”, based upon this definition, we define 

perceived usefulness in our research as “the degree to which a customer believes 

that using the website/app would enhance his/her purchasing process experience.” 

Perceived ease of use refers to “the degree to which a person believes that using a 

particular system would be free of effort.”, based up this definition, we define 

perceived ease of use in our research as “the degree to which a customer believes 

that using the website/app is free of effort.” 

The two variables, perceived usefulness and perceived ease of use, are proved to 

have effect on customers’ intention to purchase online(Dakduk et al., 2017; 

Hernández et al., 2010; Perea Y Monsuwé et al., 2004). Hence, we’ll include 

perceived usefulness(PU) and perceived ease of use(PEOU) in our research model 

and propose the following research hypothesis - 

H2: PU has positive effect on attitude towards online shopping. 

H3: PEOU has positive effect on attitude towards online shopping. 

Since in online shopping, customer can’t actually experience the products before 

making an order, the information provided on the website or app becomes vital for 

the customer’s evaluations. Previous research shows that when accessing the 

quality of the information provided, whether it is sufficient and accurate or not is 

an important concern(Chen & Dibb, 2010; Vasic et al., 2019; Xu et al., 2013). 

Hence, in this research, we define perceived information quality as “the degree to 

which a customer believes the information he/she perceived on the website/app is 

sufficient and accurate.” We also want to emphasize that due to the general 

adoption of web 2.0 technology, most e-commerce sites allow the customers to 

provide information for other customers’ evaluation by leaving comments and 

reviews. Hence, when accessing the information quality on an e-commerce site, 
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the quality of the online reviews should also be considered. Perceived information 

quality had been proved to have an impact on customer’s behavior when shopping 

online.(Ballantine, 2005; Maditinos & Theodoridis, 2010; Vasic et al., 2019) 

Hence, in this research, we’ll include perceived information quality and propose 

the following research hypothesis –  

H4: Perceived information quality has positive significant effect on attitude 

towards online shopping. 

Perceived service quality is another important factor in online shopping domain 

and it has been found to be related to customer’s behavior in online shopping 

context(Blut et al., 2015; Che-Hui et al., 2011; Lee & Lin, 2005). In a meta-

analysis conducted in 2015(Blut et al., 2015), Blut points out that overall e-service 

quality is consisted of four dimension – website design, order fulfillment, 

customer service, security/privacy. In this research, when referring to perceived 

service quality we focus on the order fulfillment and customer service dimensions. 

Based upon the definition provided in Blut’s research(Blut et al., 2015), we define 

perceived service quality in this research as “the extent to which a customer 

believes that the service provider responded quickly and properly to his/her 

inquires, requirements and fulfilled his/her order in an acceptable time period.” 

We included perceived service quality and propose the following hypothesis -  

H5: Perceived service quality has positive significant effect on attitude towards 

online shopping. 

2.3.3 Psychological factors 

Psychological factors are factors that help to overcome or strengthen the barriers 

that keep customers from using online channels. Three sub-dimensions of 

psychological factors were proposed by Klaus, namely trust (customer’s opinion 

on whether the website is fair and competent or not), value for money (how 

customer thinks of the price offer he/she got from the website) and context 

familiarity (the extent to which the website is able to make customers feel 

comfortable using it). Based upon these sub-dimensions and the constructs from 

other previous researches with similar concepts, we proposed the following 

psychological factors: trust, perceived price and perceived product quality. Trust 

and perceived price were very similar to the description of trust and value for 

money sub-dimensions, hence we categorized these two factors into psychological 

factors. Perceived product quality wasn’t included in Klaus’s model. Nevertheless, 

we believe this factor is important because a customer’s assessment of whether 

his/her last online shopping experience was good or not can be affected by the 

quality of the product he/she finally received(Chen & Dubinsky, 2003; Gök et al., 

2019). Therefore, we included perceived product quality in our research model 
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and categorized it into psychological factor. We made this categorization because 

we believed a customer would feel more comfortable about making purchases on 

a website if he/she had received products with high quality from previous 

experience, which fits Klaus’s description of how psychological factors would 

work. 

Trust is another important variable in online shopping context. The concept of 

trust is complex in nature and the definition of trust is vague because it varies 

based on the viewpoint of the researcher and research context. By reviewing 

relevant literatures, we find some characteristics that can be helpful to give a 

clearer definition of this construct. In Hsu’s research in 2014(Hsu et al., 2014; 

Qureshi et al., 2009), trust is defined as “the belief held by actors regarding one 

another that in an exchange relationship, no one will act opportunistically by 

taking advantage of the situation”. Based on this definition, we can see that trust is 

a belief a customer have towards an exchange relationship. McCole mentioned 

that “the need for trust is fundamentally important to mitigate the effects of risk 

and uncertainty in online buyer–seller relationships”(McCole et al., 2010). From 

this statement we can see that trust is a construct that reduces the effect of risk and 

uncertainty in online shopping. In other word, trust reflects how much a customer 

believes an order can be fulfilled properly without encountering any problems. 

Based on the observations above, in this research, we define trust as “the degree to 

which a customer believes that the order he/she made on the website/app can be 

fulfilled by the retailer without encountering any problem”. Trust has been found 

to have impact on customer’s attitude towards online shopping and customer’s 

intention to shop online(Hsu et al., 2014; Ijaz & Rhee, 2018; Marriott & Williams, 

2018; McCole et al., 2010). Based on these findings, we’ll include trust in our 

research model and propose the following research hypothesis -  

H6: Trust has positive effect on attitude towards online shopping. 

towards online shopping. 

Perceived product quality and perceived price also have been proved to be related 

to customers’ behavior in online shopping context(Izogo & Jayawardhena, 2018; 

Lee et al., 2017; Vasic et al., 2019). 

Perceived product quality refers to “a customers’ cognitive assessment to a 

product’s overall excellence or superiority”(Chen & Dubinsky, 2003; Vasic et al., 

2019). Perceived price refers to “the extent to which a customer believes the price 

offering he/she got from the current vendor is better than other vendors in the 

market”(Blut et al., 2015; Kim et al., 2012) 

Based on the findings of previous researches, we include these variables and 

propose the following hypothesis –  
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H7: Perceived product quality has positive significant effect on attitude towards 

online shopping. 

H8: Perceived price has positive significant effect on attitudes towards online 

shopping. 

Table 1. summarizes the definitions and references of the variables included in our 

research model. 

Table 1. Summary of the latent variables included in the research model. 

Latent 

variable 

Definition Reference 

Perceived 

usefulness 

the degree to which a customer believes that 

using the website/app would enhance his/her 

purchasing process experience. 

(Davis, 1989) 

Perceived 

ease of use 

the degree to which a customer believes that 

using the website/app is free of effort. 

(Davis, 1989) 

Trust the degree to which a customer believes that 

the order he/she made on the website/app can 

be fulfilled by the retailer properly. 

(Hsu et al., 

2014; McCole 

et al., 2010; 

Qureshi et al., 

2009) 

Perceived 

information 

quality 

the degree to which a customer believes the 

information he/she perceived on the 

website/app is sufficient and accurate. 

(Chen & Dibb, 

2010; Vasic et 

al., 2019; Xu et 

al., 2013) 

Perceived 

product 

quality 

a customers’ cognitive assessment to a 

product’s overall excellence or superiority 

(Chen & 

Dubinsky, 

2003; Vasic et 

al., 2019) 

Perceived 

service 

quality 

the extent to which a customer believes that 

the service provider responded quickly and 

properly to his/her inquires, requirements and 

fulfilled his/her order in an acceptable time 

period. 

(Blut et al., 

2015) 

Perceived 

price 

the extent to which a customer believes the 

price offering he/she got from the current 

vendor is better than other vendors in the 

market 

(Blut et al., 

2015; Kim et 

al., 2012) 

Attitude 

towards 

the degree of evaluative affect that an 

individual associates with using the 

(Davis, 1989) 



‧
國

立
政 治

大

學
‧

N
a

t io
na l  Chengch i  U

niv

ers
i t

y

DOI:10.6814/NCCU202100849

17 
 

online 

shopping 

website/app in his or her online purchase. 

Online 

purchase 

intention 

the construct that gives the strength of a 

customer’s intention to purchase online 

through the same online channel he/she 

experienced before 

(Thamizhvanan 

& Xavier, 

2013) 

 

2.4 Effect of product type 

Product type is an important yet not widely investigated variable in online 

shopping context. A customer’s interaction with the website/app starts with 

searching or browsing for products(Ghavamipoor et al., 2017), and it has been 

pointed out that a customer’s searching behavior could differ depending on the 

product type he/she is searching for(Xu et al., 2015). Which indicates that the 

relationship between the variables relevant in online customer behavior could also 

be affected depending on the product type. However, only a limited number of 

previous researches have taken the potential effect of product type into 

consideration. Among these researches, we can see that product type really can 

influence the relationship between some important variables in the research field. 

For example, the effect of online review on product sales have been proved to be 

moderated by product type(K. Li et al., 2020). Based on the reason mentioned 

above, we propose that there’s a need to test the moderating effect of product type 

in our research model. 

The most frequent used categorization of product type in previous researches is 

search goods and experience goods(Hsu et al., 2017; Lu et al., 2014; Xu et al., 

2015). This categorization is proposed by Nelson(Nelson, 1970) and is widely 

adopted by many researchers. The main difference between search goods and 

experience goods is how hard it is for the customers to evaluate the quality of the 

product before purchasing. For example, electronic products such as computers 

are search goods because customers can make a valid assumption of the 

performance of a computer by evaluating relevant information available on the 

Internet. Healthcare product like pills are deemed as experience goods because 

how effective will it be cannot be evaluated accurately without actually 

experiencing it. 

In this research, we’ll adopt this categorization and divide the products into search 

goods and experience goods. 

Based on the reasons and evidences above, we’ll include product type in the 

model as a moderator variable and propose the following hypothesis –  

H2(a): Product type has a moderating effect on the relationship between PU and 
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attitude towards online shopping. 

H3(a): Product type has a moderating effect on the relationship between PEOU 

and attitude towards online shopping. 

H4(a): Product type has a moderating effect on the relationship between perceived 

information quality and attitude towards online shopping. 

H5(a): Product type has a moderating effect on the relationship between perceived 

service quality and attitude towards online shopping. 

H6(a): Product type has a moderating effect on the relationship between trust and 

attitude towards online shopping. 

H7(a): Product type has a moderating effect on the relationship between perceived 

product quality and attitude towards online shopping. 

H8(a): Product type has a moderating effect on the relationship between perceived 

price and attitude towards online shopping. 

Based on the variables mentioned above, we’ve built a research model. The 

variables are categorized into three category – “Belief”, “Attitude” and 

“Intention” based upon the categorization proposed in B-A-I model(Froehle & 

Roth, 2004). Three demographic variable were included as control variable, 

namely gender, income and age.   

Figure 1. provides an overview of the research model and hypothesis. 
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Figure 1. The research model and hypothesis 

 

3. Research method 

3.1 Research design 
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This study tests the present research model by conducting an online survey. For 

this purpose, we’ve developed a questionnaire using a 5-point Likert scale to 

measure the variables in our research model. The questionnaire was distributed 

mostly through online social media, to be precise, we posted articles with link of 

the questionnaire on different Facebook groups to recruit participants. Therefore, 

the sampling method was simple random sampling. 

The questionnaire consisted of two parts For the first part, demographic variables 

of the participants were collected. The participants were then asked several 

questions before answering the main questions of the questionnaire. The first 

introductory question: “Do you have any experience with buying things online 

through an e-commerce website/app?” The second question was: “Did you buy 

anything online through an e-commerce website/app in the past 6 months?” The 

third question was: “What type of product did you buy the last time you purchased 

online?” The fourth question was “Which of the following statements do you 

believe best fit the characteristic of the product you last purchased online?” and 

there were two options for this question, namely “I believe the quality of this 

product can be evaluated before I actually use it “and “I believe I need to actually 

use the product before I can evaluate the quality of it.” The answers to the fourth 

question were used as a measurement for product type. At the end of the 

questionnaire’s introduction, the participants were asked to answer the remainder 

of the questionnaire based on their last online shopping experience. 

For the main questions of the survey, the items used in the questionnaire were 

adopted and adjusted from the measurement scales used in previous studies done 

by other researchers. Perceived usefulness (PU) was measured with 3 items. 

Perceived ease of use (PEOU) was measured with 4 items. Trust was measured 

with 3 items. Perceived information quality (PINFQ) was measured with 4 items. 

Perceived product quality (PPQ) was measured with 3 items. Perceived service 

quality (PSQ) was measured with 4 items. Perceived price (PEP) was measured 

with 4 items. Attitude towards online shopping (ATOS) was measured with 4 

items. Purchase intention (PI) was measured with 2 items. 

In total, there were 32 items in the questionnaire. Table 2 shows a summary of the 

measurement scales used and the references. The questionnaire was translated into 

Chinese since the research was conducted in Taiwan and most of the participants 

were expected to be Taiwanese. Back translation technique was used in order to 

make sure there were no translation errors. 

 

Table 2. Summary of the measurement scales used in the present research.  

Variable Item Reference 



‧
國

立
政 治

大

學
‧

N
a

t io
na l  Chengch i  U

niv

ers
i t

y

DOI:10.6814/NCCU202100849

21 
 

Perceived 

usefulness 

Using the website/app to buy a 

product would help me to purchase 

efficiently. (PU1) 

(Davis, 1989),(Amin et al., 

2014),(Dakduk et al., 2017) 

Using the website/app to buy a 

product would help me to purchase 

quickly. (PU2) 

Overall, I think the website/app is 

useful. (PU3) 

Perceived ease 

of use 

Learning to use the website/app is 

easy for me. (PEOU1) 

(Davis, 1989),(Amin et al., 

2014),(Dakduk et al., 2017) 

Using the website/app to buy a 

product does not require a lot of 

mental effort. (PEOU2) 

Becoming proficient in using this 

website/app is easy for me. 

(PEOU3) 

Overall, I think the website/app is 

easy to use. (PEOU4) 

Trust Before the purchase was made, I 

believed the order I make on the 

website/app is going to be fulfilled 

successful. (Trust1) 

(Chiu et al., 

2009),(Ganguly et al., 

2010),(Amin et al., 

2014),(Lee & Lin, 2005) 

Before the purchase was made, I 

believed the website/app can 

protect my interest if anything goes 

wrong with my order. (Trust2) 

The website/app instills confidence 

in customers. (Trust3) 

Based on my previous experience, 

the website/app meets my 

expectation. (Trust4) 

Overall, I think the website/app is 

trustworthy. (Trust5) 

Perceived 

information 

quality 

There is enough information on the 

website/app for me to make a pre-

purchase evaluation of the product. 

(PINFQ1) 

(Ballantine, 2005),(Hsu et 

al., 2012),(Vasic et al., 

2019) 

Based on my previous experience, 
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the information provided on the 

website/app is accurate. (PINFQ2) 

Based on my previous experience, 

the information provided on the 

website/app is up-to-date. 

(PINFQ3) 

Overall, I think the website/app 

provide quality information that 

can help with my decision-making. 

(PINFQ4) 

Perceived 

product quality 

The product I received is reliable. 

(PPQ1) 

(Chen & Dubinsky, 

2003),(Gök et al., 2019) 

The workmanship of the product I 

received is good. (PPQ2) 

The product I received is a high-

quality product. (PPQ3) 

Perceived 

service quality 

I can contact a representative on 

the website/app if I encounter any 

problem with my account. (PSQ1) 

(Lee & Lin, 2005),(Hsu et 

al., 2012) 

I believe the website/app service 

provider understand the need of 

their customers. (PSQ2) 

I believe the website/app provides 

good post-purchase customer 

service (Including shipping, return 

policy etc.). (PSQ3)  

Overall, I believe the website/app 

provides good services. (PSQ4) 

Perceived price The price on the website/app is 

reasonable. (PEP1) 

(Kim et al., 2012),(Lien et 

al., 2015) 

The price on the website/app is 

affordable. (PEP2) 

The price on the website/app is 

inexpensive. (PEP3) 

I believe the price on the 

website/app is lower than the price 

offered by other online vendors. 

(PEP4) 
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Attitude 

towards online 

shopping 

Buying things online is something I 

like doing. (ATOS1) 

(Akroush & Al-Debei, 

2015), (Dakduk et al., 

2017) I think buying online is a good 

choice. (ATOS2) 

I prefer buying things from online 

stores over brick-and-mortar stores. 

(ATOS3) 

Overall, my general opinion 

towards shopping online is 

positive. (ATOS4) 

Purchase 

intention 

If possible, I’ll continue buying 

things from the same website/app. 

(PI1) 

(Dakduk et al., 2017),(Kim 

et al., 2012) 

I intend to buy things from the 

same website/app in the near 

future. (PI2) 

The probability that I would buy 

things from the same website/app 

is high. (PI3) 

It is likely that I’ll make online 

purchases through the same 

website/app in the future. (PI4) 

 

3.2 Data analysis. 

We utilized Structural Equation Modelling (SEM) to test the proposed model and 

hypothesis in the present research. SEM is a statistical method that combines 

factor analysis and path analysis. This method tests the measurement model and 

structural model. We chose this statistical method for the following reasons:  

1. SEM is preferred when the model involves multiple latent variables because it 

can minimize the estimation error by testing the whole model in one single 

analysis. 

2. Similar previous studies have adopted this method for data analysis (Bilgihan, 

2016; Novak et al., 2000; Shafiee & Bazargan, 2018). 

To be more precise, this research adopted Partial Least Squares -Structural 

Equation Modeling (PLS-SEM) for data analysis instead of adopting Covariance-

Based Structural Equation Modeling (CB-SEM). This decision was made because: 

1. CB-SEM has more restrictive assumptions, such as multivariate normality 

assumption, that are often violated in practical situations (Hair et al., 2011). 
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Considering this, PLS-SEM is more flexible than CB-SEM.  

2. PLS-SEM can be suitable even when the sample size is rather small (Hair et 

al., 2019). 

3. PLS-SEM has more statistical power compared to CB-SEM, which means 

PLS-SEM is more likely to correctly report a significant relationship if it does 

exist (Hair et al., 2019). 

For data analysis, the model was separated into two parts – measurement model 

and structural model. This approach was in line with the two-step approach 

proposed by Anderson and James (Anderson & Gerbing, 1988). The aim of the 

two-step approach is to ensure the questionnaire we used in the research is reliable 

and the sample we obtained using this questionnaire is validate before testing the 

research model based on the sample. For measurement model, we checked the 

reliability and validity of the questionnaire we adopted to make sure the result is 

reliable. For structural model, we checked variance inflation factor (VIF) to make 

sure collinearity problem does not exist in our model. Coefficient of determination 

(R2) was then checked to show the explanatory power of our model. Afterwards, 

we conducted a path analysis to test the hypotheses for relationships between the 

factors included in our research model (H1~H8). Finally, according to Hair’s 

recommendation (Hair Jr et al., 2017), multi-group analysis is an efficient method 

when it comes to assessment of moderating effect between multiple relationships. 

Therefore, we conducted a multi-group analysis (MGA) to test the hypotheses for 

moderating effect of product type (H1a~H8a). To be more specific, the approach 

we adopted when conducting the MGA was Henseler’s PLS-MGA approach 

(Henseler, 2007). The advantage of taking on this approach is that it fits the 

characteristic of PLS better because it’s a non-parametric approach and doesn’t 

have distributional assumptions. 

The evaluation of the results was done following the guidelines provided in Hair’s 

research regarding how to properly evaluate the results of PLS-SEM (Hair et al., 

2019). 

The data analysis was conducted by using SmartPLS, a popular statistic software 

that can help to conduct PLS-SEM in an efficient way. 

4. Results 

4.1 Sampling 

Data in the present research were collected on online platforms through simple 

random sampling. After data removal, a total of 496 samples were collected. The 

samples consisted of 32.6% male and 67.3% female respondents. Most 

participants were between 21 to 30 years old at the time of this research, 

accounted for 45.5% of the samples. Among the samples, in regards to the 



‧
國

立
政 治

大

學
‧

N
a

t io
na l  Chengch i  U

niv

ers
i t

y

DOI:10.6814/NCCU202100849

25 
 

participants’ income per month, the largest group, 46.3%, fell into the category of 

‘below 10,000 NTD’. Table 3 shows the detailed demographic statistics of the 

samples. 

Table 3. Demographic statistics of the sample 

 Number Percentage 

Gender 

Male 162 32.6% 

Female 334 67.3% 

Age 

Below 20 113 22.7% 

21~30 226 45.5% 

31~40 50 10% 

41~50 20 4% 

Above 50 87 17.5% 

Income 

Below 10000 230 46.3% 

10001~30000 185 37.2% 

30001~60000 59 11.8% 

60001~100000 13 2.6% 

Above 100000 9 1.8% 

 

4.2 Measurement model 

Following the guideline provided by Hair’s research, we assessed our 

measurement model by checking factor loadings, internal consistency reliability, 

convergent validity, and discriminant validity. The recommended threshold for 

factor loadings was 0.708. Accordingly, two items were removed according to this 

criterion, namely Trust1 (with loading of 0.700) and ATOS3 (with loading of 

0.705). It was possible to test internal consistency reliability by checking 

composite reliability. The composite reliability for each factor involved in the 

present research was calculated and all of them met the criterion ( above 0.7 yet 

no higher than 0.95), hence we believe internal consistency was achieved. To 

check convergent validity, we used average variance extracted (AVE) as our 

index. For each factor, the value of AVE was above the recommended threshold of 

0.5; hence, we believe convergent validity was also achieved. Finally, for 

discriminant validity, Heterotrait-Monotrait Ratio (HTMT) was checked and the 

criterion was also met for each factor; hence, we believe discriminant validity was 

also achieved. Table 4. and Table 5. show the detailed result of our assessment on 

the measurement model after the removal of two items, Trust1 and ATOS3. 
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Table 4. CFA and reliability test 

Factor Item Factor 

loading 

(Criterion: 

above 0.708) 

Average 

Variance 

Extracted 

(Criterion: 

above 0.5) 

Composite 

reliability 

(Criterion: 

above 0.7) 

Perceived 

usefulness 

(PU) 

PU1 0.898 0.798 0.922 

PU2 0.898 

PU3 0.884 

Perceived 

ease of use 

(PEOU) 

PEOU1 0.894 0.796 0.940 

PEOU2 0.822 

PEOU3 0.926 

PEOU4 0.924 

Perceived 

service 

quality  

(PSQ) 

PSQ1 0.812 0.718 0.910 

PSQ2 0.843 

PSQ3 0.851 

PSQ4 0.881 

Perceived 

information 

quality  

(PIQ) 

PIQ1 0.819 0.678 0.894 

PIQ2 0.828 

PIQ3 0.811 

PIQ4 0.836 

Trust Trust2 0.844 0.773 0.932 

Trust3 0.897 

Trust4 0.889 

Trust5 0.887 

Perceived 

product 

quality 

(PPQ) 

PPQ1 0.899 0.831 0.936 

PPQ2 0.908 

PPQ3 0.927 

Perceived 

price 

(PEP) 

PEP1 0.884 0.700 0.903 

PEP2 0.880 

PEP3 0.848 

PEP4 0.726 

Attitude 

towards 

online 

shopping 

ATOS1 0.873 0.761 0.905 

ATOS2 0.894 

ATOS4 0.851 
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(ATOS) 

Purchase 

intention 

(PI) 

PI1 0.868 0.731 0.915 

PI2 0.756 

PI3 0.911 

PI4 0.876 

 

Table 5. HTMT matrix (The value should be lower than 0.9) 

 ATOS PU PEOU PIQ PEP PSQ PI Trust PPQ 

ATOS          

PU 0.624         

PEOU 0.622 0.763        

PIQ 0.555 0.707 0.572       

PEP 0.602 0.644 0.555 0.689      

PSQ 0.657 0.691 0.634 0.765 0.641     

PI 0.826 0.665 0.598 0.542 0.619 0.622    

TRUST 0.573 0.690 0.600 0.791 0.568 0.794 0.557   

PPQ 0.468 0.525 0.502 0.687 0.463 0.659 0.449 0.689  

 

4.3 Structural model 

Before testing the structural model, we first checked the variance inflation factor 

(VIF) to ensure there was no collinearity existing in our research model. The VIF 

value for each antecedent was below 3 which was the recommended threshold; 

hence, we believe collinearity did not exist in the present model. We then checked 

the coefficient of determination (R2) as a measurement of the explanatory power 

of our model. The R2 value for ATOS was 0.460 and for purchase intention, it was 

0.507, which means the model explained 46% variance of attitude towards online 

shopping and 50.7% variance of purchase intention. Table 6 shows the result of 

VIF. 

To test our structural model, we conducted a path analysis, and this analysis was 

carried out by applying the bootstrapping method on SmartPLS. The result 

showed that five of the hypotheses were supported by the data, namely H1 (p-

value = 0.000 < 0.05), H2 (p-value = 0.092 < 0.1), H3 (p-value = 0.001 < 0.05), 

H5 (p-value = 0.001 < 0.05), and H8 (p-value = 0.000 < 0.05), providing evidence 

that the higher a website or application’s PU, PEOU, PSQ, and PEP were to a 

customer, the more positive their opinion would be of the website or application 

they used, which would in turn increase their willingness to make more purchases 

on the website or application. Table 7 shows the result of path analysis. 

To ensure the result of multi-group analysis is meaningful, measurement 
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invariance in the model must be proved first (Henseler et al., 2016) because if 

there is measurement variance existing between different groups, we cannot be 

sure whether the difference in groups were actually caused by the effect of 

proposed moderator. Therefore, to check measurement invariance, we adopted 

Henseler’s three-step approach (Henseler et al., 2016) which was also known as 

measurement invariance of composite models (MICOM). First step is to check for 

configural invariance, which can be established by ensuring the indicators, data 

treatment and algorithm settings are identical across different groups. We believe 

configural invariance is established in our model. Both groups included the same 

indicators, the data treatment procedure and algorithm settings for both groups 

were identical. Second step is to ensure compositional invariance is established. 

We then conducted a permutation test on SmartPLS and checked for MICOM 

results in order to make sure compositional invariance was achieved. The results 

showed that all p-value were higher than 0.05, indicating compositional invariance 

were indeed established according to Hensler (Henseler et al., 2016). Table 8 

shows the details of MICOM result. 

Based upon Hensler’s guideline, our model has achieved partially measurement 

invariance because both configural invariance and compositional invariance were 

established, which means the result of a multi-group analysis can be deemed 

meaningful. The final step of Henseler’s approach is to check for composite mean 

values and variances across groups. If the values are identical across different 

groups, full measurement invariance is established which indicates that we can 

pool the sample and achieve higher statistic power. The mean values and 

variances across groups can also be tested by conducting a permutation test. The 

result showed that the variances for all constructs are above 0.05, however, the 

mean values for some construct are below 0.05. Therefore, full measurement 

invariance was not established. Table 9 shows details of the result. 

According to Henseler, a multi-group analysis could provide us meaningful results 

because our model achieved partially measurement invariance, hence we 

conducted a multi-group analysis to test the moderating effect of product type. 

The samples were separated into two groups: the experience goods group (with 

246 recorded samples) and the search goods group (with 250 recorded samples). 

Path coefficients of both groups were compared to see if moderating effect exists. 

The result showed that product type has a moderating effect on the relationship 

between PEOU and ATOS. For the search goods group, there was no significant 

relationship between these two factors; for the experience goods group, however, 

the relationship was significant and the direction was positive. This indicates that 

the ease of use of a website is an important consideration factor for customers 
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when they purchasing experience goods while it doesn’t affect customers’ 

purchasing behaviors when the products they are intending to purchase are search 

goods. We propose that this phenomenon occurs because customers tend to gather 

more information when purchasing experience goods in order to lower their 

uncertainty and make a better decision (Maity & Dass, 2014). For instance, when 

customers go online to purchase clothes, which were generally considered 

experience goods in our sample, they tend to look for a lot of relevant information 

such as sizing specifics or reviews from other customers, and customers are likely 

to make more comparisons between different products in order to ensure they buy 

what they most want. We believe that these information-gathering steps make a 

website’s ease of use important and hence result in a different relationship 

between ease of use and attitude towards online shopping based on product type. 

Table 10 shows the result of multi-group analysis. 

Table 6. Inner VIF value 

Factor VIF value (criterion: lower than 3) 

Perceived usefulness 2.509 

Perceived ease of use 2.128 

Perceived information quality 2.667 

Perceived price 1.837 

Perceived service quality 2.631 

Trust 2.736 

Perceived product quality 1.906 

 

Table 7. Result of path analysis (*: p-value < 0.1, **: p-value < 0.05, ***: p-value < 

0.01, two-tailed test) 

Hypothesis Path 

coefficient 

P-value Result 

H1: Attitude towards online 

shopping → Purchase intention 

0.713 0.000*** Supported 

H2: Perceived usefulness → 

Attitude towards online shopping 

0.097 0.093* Supported 

H3: Perceived ease of use → 

Attitude towards online shopping 

0.177 0.001*** Supported 

H4: Perceived information quality 

→ Attitude towards online shopping 

0.014 0.795 Not 

supported 

H5: Perceived service quality → 

Attitude towards online shopping 

0.215 0.001*** Supported 

H6: Trust → Attitude towards 0.084 0.181 Not 
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online shopping supported 

H7: Perceived product quality → 

Attitude towards online shopping 

0.008 0.880 Not 

supported 

H8: Perceived price → Attitude 

towards online shopping 

0.181 0.000*** Supported 

 

Table 8. Result of MICOM step 2 

Factor Permutation p-value 

Attitude towards online shopping 0.882 

Perceived usefulness 0.973 

Perceived ease of use 0.463 

Perceived information quality 0.307 

Perceived price 0.479 

Perceived service quality 0.353 

Trust 0.173 

Perceived product quality 0.505 

Purchase intention 0.310 

 

Table 9. Result of MICOM step 3 

Factor Composite 

mean value 

Permutation 

p-value 

Variance Permutation 

p-value 

Attitude towards online 

shopping 

0.076 0.409 -0.062 0.722 

Perceived usefulness 0.180 0.044 -0.051 0.784 

Perceived ease of use 0.128 0.169 -0.056 0.747 

Perceived information 

quality 

0.232 0.012 -0.046 0.778 

Perceived price 0.024 0.792 -0.182 0.346 

Perceived service quality 0.213 0.020 -0.152 0.359 

Trust 0.289 0.002 0.109 0.508 

Perceived product quality 0.496 0.000 -0.105 0.482 

Purchase intention 0.105 0.232 -0.019 0.920 

 

Table 10. Result of multi-group analysis 

Hypothesis P-value Result 

H2(a): Product type has a moderating effect on the relationship between 

PU and attitude towards online shopping. 

0.682 not 

supported 
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H3(a): Product type has a moderating effect on the relationship between 

PEOU and attitude towards online shopping. 

0.020** supported 

H4(a): Product type has a moderating effect on the relationship between 

perceived information quality and attitude towards online shopping. 

0.843 not 

supported 

H5(a): Product type has a moderating effect on the relationship between 

perceived service quality and attitude towards online shopping. 

0.326 not 

supported 

H6(a): Product type has a moderating effect on the relationship between 

trust and attitude towards online shopping. 

0.454 not 

supported 

H7(a): Product type has a moderating effect on the relationship between 

perceived product quality and attitude towards online shopping. 

0.766 not 

supported 

H8(a): Product type has a moderating effect on the relationship between 

perceived price and attitude towards online shopping. 

0.621 not 

supported 

 

5. Conclusion 

   5.1 Summary and discussion 

The present research aimed to provide empirical evidence to validate the 

conceptual model proposed by Klaus (Klaus, 2013). Based upon the conceptual 

model and findings from other previous studies, we proposed seven OCE factors. 

Four of them were psychological factors and three of them were functionality 

factors. Eight hypotheses about the relationship between the factors involved in 

our model were made and five of them were statistically significant, showing that 

perceived usefulness, perceived ease of use, perceived price, and perceived 

service quality indeed are positively correlated to attitude towards online 

shopping, and attitude towards online shopping indeed can be used to predict a 

customer’s purchase intention in online shopping context. The result is in line 

with Klaus’s conceptual model showing that some of the psychological factors 

and functionality factors are valid OCE factors that can result in positive business 

outcomes. This provides evidence to support the model proposed by Klaus. 

However, the link between trust, perceived information quality, perceived product 

quality, and attitude towards online shopping was not supported by the result. We 

believe this could possibly have been caused by the following reasons: 

1. The sample size was not big enough. Small sample size results in lower statistic 

power. Lower statistic power indicates that the possibility of a false-negative 

result is higher, which can explain why the results do not match the expectation 

we had and conflict with findings from previous studies. We believe the results of 

this study may have been different if more data had been collected. 

2. We used attitude towards online shopping as the mediating variable in this 

research. Although this seemed sensible considering many relevant studies and 
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theories (Akroush & Al-Debei, 2015; Dakduk et al., 2017; Davis, 1989; 

Hernández et al., 2010; Kim, 2012) adopted this factor as a mediator between the 

antecedents and purchase intention, online shopping has come a long way over the 

past few years. Nowadays, online shopping has merged into our daily lives and 

people generally accept it as a normal way of making purchases. Hence, when 

asked whether they have a positive attitude towards online shopping or not, most 

people are likely to agree even though they likely have had negative shopping 

experiences. If we use a different factor relating to a customer’s attitude towards 

their last online shopping experience as a mediating factor, such as customer 

satisfaction, the result might be different because a customer’s satisfaction 

towards their last shopping experience is less likely to be affected by other factors 

that have nothing to do with the experience itself. 

3. Trust is a complicated concept. In this research, when referring to this concept, 

we mainly focused on whether or not customers believe that the order they make 

on the website or application will be fulfilled and if customers believe their 

interest will be protected if something goes wrong with the order. However, some 

previous researchers had defined trust differently, For instance, Hsu proposed four 

different aspects of trust in online shopping context(Hsu et al., 2014), namely trust 

in the website, trust in the vendor, trust in the auction initiator and trust in group 

members. The different interpretation and focus on the concept might explain why 

there’s a conflicting result in regards to the factor of trust. 

4. In the present research, we only included gender, income and age as control 

variables. However, there might be more factors that would affect online customer 

behavior. For example, cultural difference is a factor that had been mentioned by 

previous studies (Constantinides et al., 2010; Moon et al., 2008; Tandon et al., 

2018) to be affecting online customer behavior. These factors we didn’t include 

might be the reason why some of our result were inconsistent with other studies. 

5. Some previous studies proposed that customer experience should be studied in 

a context-specific way because customer behavior might vary between context 

(Chandon et al., 2005; Klaus & Maklan, 2011; Lemke et al., 2011; Verhoef et al., 

2009). In the present research, we did not specify our context in a single E-

commerce retailer or a specific type of product, which might be the reason that 

cause the inconsistent result. 

We also included product type as a moderating factor aiming to test if product 

type would change the relationship between the factors and outcomes. One out of 

the seven hypothesized moderating effects was statistically significant, namely the 

moderating effect on the relationship between a customer’s perceived ease of use 

and attitude towards online shopping. The relationship between these two factors 
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is significant in the experience goods group while it is not significant in the search 

goods group. We believe this may have been caused by the amount of information 

customers tend to search for. It is harder for customers to gather information and 

evaluate the quality of a product before purchasing an experience good, which 

raises uncertainty and perceived risk. In this situation, people are expected to look 

for more information before making decisions according to risk theory (Dowling 

& Staelin, 1994; Maity & Dass, 2014). Among the data we collected, apparel 

products are the most frequently recorded experience goods; therefore, we’ll use 

apparel products as an example. While purchasing apparel products like shoes or 

clothes, customers tend to perform a large number of searches on the website or 

application either looking for information like reviews from other customers or 

simply just browsing until they find some products they might want. Since either 

process involves a lot of searching, a well-designed website that is easy to use can 

help a customer enjoy their shopping experience more which can, in turn, make 

them have a better opinion towards online shopping. However, for search goods 

like electronic products, less information is needed to evaluate the quality and 

performance of the product. With fewer searches being made, it matters less 

whether or not the website is easy to use and likely won’t affect a customer’s 

opinion towards online shopping. This finding extends our understanding of the 

effect of perceived ease of use considering the moderating effect of product type 

had rarely been assessed in previous relevant literature (Al-Debei et al., 2015; 

Dakduk et al., 2017; Kim & Song, 2010; Moslehpour et al., 2018). In addition, we 

would like to address some speculations we had that might explain why some of 

our hypotheses about the moderating effect of product type were not significant: 

1. In Pham’s study(Pham & Ahammad, 2017) which also investigated the 

moderating effect of product type, it was found that product type would influence 

the effect product information, customization, order fulfillment and 

responsiveness of customer service have toward customer satisfaction. All of these 

factors mentioned above could be considered as functionality factors if Klaus’s 

categorization was applied. However, in the same study, the effect of product type 

was not statistically significant when factors that would fit the definition of 

psychological factors, such as security assurance, were considered. In Verhagen’s 

study about the effect of product type on customers’ preferences for website 

content (Verhagen et al., 2010), it was pointed out that the importance of website 

content elements would vary across different product types. Website design factor 

could also be considered as functionality factors based on Klaus’s categorization. 

Based on these findings from previous studies, we proposed that the moderating 

effect of product type might be stronger towards the relationship between 
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functionality factors and outcomes of OCE, which might explain why the 

moderating effect were not statistically significant in the relationship between 

psychological factors and attitude towards online shopping. 

2. For the present research, we adopted the categorization proposed by Nelson 

(Nelson, 1970) and categorized product type into search goods and experience 

goods as many previous studies had (Maity & Dass, 2014; Pham & Ahammad, 

2017). The main difference between search goods and experience goods is how 

hard it is for someone to form an evaluation of the product’s quality or 

performance before actually experiencing it. However, it had been proposed in 

some previous studies (Huang et al., 2009; Weathers et al., 2007) that the 

distinction between these two types of product might be blurred by the Internet 

because it provides not only an easier way to search for information about a 

product but also an efficient way for customers that have already used the product 

to share their experiences. While analyzing our data, we noticed a similar 

phenomenon. In the data we collected, we found that apparel products, which 

were categorized as search goods according to Nelson’s categorization, were often 

deemed as experience goods by the participants in our research. The difference in 

categorization might be what caused the inconsistent findings between our 

research and others. 

In conclusion, this research contributes to the field by providing empirical 

evidence to validate the conceptual model proposed by Klaus that categorized 

OCE into two dimensions: psychological factors and functionality factors. Based 

upon this categorization, we have identified four specific OCE components. Three 

of these were deemed as functionality factors, namely perceived ease of use, 

perceived usefulness and perceived service quality, while the remaining one was 

deemed as psychological factor, namely perceived price. This research also 

contributes by providing further understanding of the moderating effect of product 

type. We found that the relationship between the perceived ease of use of a 

website and a customer’s attitude towards online shopping is moderated by 

product type. When purchasing experience goods, the relationship is significant, 

while it isn’t significant in the search goods group. This indicates that e-retailers 

that focus on selling experience goods should put more effect into making their 

website easier to use. These findings show the important aspects and components 

of customers’ online shopping experience, which can be used by the E-commerce 

managers to improve their services and provide better online shopping experience 

to their customers. Finally, we tried to interpret why some of the findings in this 

research were inconsistent with extant literature, providing directions for future 

researchers to adopt so we can gradually form a holistic understanding of online 
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customer experience and its outcomes. 

5.2 Limitation and future research 

In the present study, we have adopted survey method to test our research model. 

However, one disadvantage of survey method is that it could be challenging when 

it comes to control the confounding factors that might affect the result. We’ve only 

included a few control variables yet online customer behavior can be affected by a 

wide range of factors. To address this problem, we suggest that in the future, 

researcher could consider a different research design such as experiment design or 

conduct a meta-analysis based on existing literatures. 

The present research only considered the moderating effect of product type; 

however, a customer’s behavior in online shopping can be affected by many other 

factors. For example, gender has been found to have a moderating effect on online 

customer behavior (Chen et al., 2015; Pandey & Chawla, 2018). Cultural 

difference has been highlighted as a possible factor that might result in different 

customer behavior patterns, and this possibility has been validated by some 

previous researches (Moon et al., 2008; Rita et al., 2019; Rosillo-Díaz et al., 2019; 

Tandon et al., 2018). Smartphones have become a very popular channel for 

making online purchases; another intriguing topic to explore would be if 

customers act differently on different channels. Future research may wish to 

include these factors and illustrate how customer behavior might change 

accordingly, providing more insight to this research domain. Finally, it has been 

shown that current studies toward OCE mainly focus on positive experience 

(Barari et al., 2020; Izogo & Jayawardhena, 2018), however, customers might act 

differently in a negative context. Hence, we suggest that future researchers should 

consider studying negative online customer experiences in order to provide useful 

insight into this domain. 
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